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ACTUALITY

Classical methods of diagnosis of ultrasound of the liver
have a number of problems in diagnosis:

ACCURACY
Compared to invasive methods such as liver biopsy, the
informativeness of sonography is only 80%.

SPEED
The final diagnosis based on this method requires the
decision of three doctors, which takes time.

Therefore, it is important to create a classifier that could
QUICKLY and with a high level of ACCURACY to predict the
likelihood of certain liver pathologies in a patient based on the
results of a relevant ultrasound examination.



GOAL OF THE STUDY

Design and develop a system for predicting liver
pathology based on the image of the patient's ultrasound
using deep artificial neural networks and radio methods.
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TEXTURAL FEATURES
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CLINICAL BASE

~2950 AREAS OF INTEREST, 15 PATIENTS
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EXAMPLE OF IMAGE

@'::"' i/ /Lab MNAT HAMHY
XP. FEN B, M, 11 ANP 2019 08:01)
B P-H ¥ J———
j@ 44 MM XV 3
= OEP 8/2/1 NPC 4
ncT o cC 0
MY KO LA523 ~ 0|
= ’ e
— e — — i
- — v T —— -

H

)

£




SYSTEM ARGHITECTURE

MNoeHO3B'A3HMIA Wap
3rnagrmyBaHHA

Kapth o3Hak l
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3ropTeKM ArperysaHHa 3ropTHM ArperyBaHHa

MOAY/1Tb OBYUC/IEHHA TEKCTYPHUX
CTATUCTUK TA BUAITEHHA O3HAK




IMPLEMENTATION

m [unnomua pobora cryaexta rpyni TLWI-21 Aiukoeoro |.O.

tailn flonomora

Knacudikarop AudysHnx 3axsoproBaHb MeviHku

Obpatn 306paxeHHHA AHanizyBatu

Tun knacudikatopa: Deep Convolutional NN

TouHicTb: 87%
Knacudpirauis: [cepeg ycix xeopob]
[PE3YNLTAT]: HopMa

TounicTb: 89%
Knacudikayis: [xeopoba BinbcoHa - npotu Beix]
[PE3YINLTAT]: HE xBopoba Binbcona

Obpane 306pameHHn

TounicT: 89%
Knacudpikauis: [renatur C - npoTu BCiX]
[PE3YNETAT]: HE renatut B

TouHicTb: 89%
Knacudpixauis: [renatut B - npotu BCix]
[PE3YNbLTAT]: HE renatut C

TouHicTb: 90%
Knacudirayin: [ayToiMyHHWI renaTtuT - NpoTH BCiX]
[PE3YNBTAT]: HE ayToiMyHHUWIA renaTuT

TouHicTs: 92%
Knacudpikayis: [Hopma - natonoris]
[PE3YNBETAT]: HopMa
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